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e \We propose a new audio-visual transformer-based lip-voice
synchronisation model that detects synchronisation between the lips
motion and the voice in a given voice video.

e The model produces state-of-the-art results both in speech and singing
voice.

e Lip sync. in singing voice is harder than speech due to sustained vowels
and it needs larger context windows.

e The model learns powerful visual features that are useful for singing
voice separation.
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